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 A smartphone based non-invasive
glucose biosensor was developed
using saliva samples for diagnosis of
diabetes.
 The biosensor was fabricated by
immobilizing Glucose oxidase enzyme
along with pH indicator on a paper
strip.
 Color change of pH indicator upon
reaction with glucose was estimated
by using in-house developed android
app.
 Clinical validation of biosensor was
performed on healthy & diabetic
subjects to correlate blood & salivary
glucose levels.
 Use of smartphone enabled on-site
determination of glucose levels
without involvement of any specialized instrument.
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The present work deals with the development of a non-invasive optical glucose biosensor using saliva
samples and a smartphone. The sensor was fabricated with a simple methodology by immobilization of
Glucose oxidase enzyme along with a pH responsive dye on a ﬁlter paper based strip. The strip changes
color upon reaction with glucose present in saliva and the color changes were detected using a smartphone camera through RGB proﬁling. This standalone biosensor showed good sensitivity and low
interference while operating within 20 s response time. We used various means for improvements such
as the use of slope method instead of differential response; use of a responsive pH indicator and made
numerous tweaks in the smartphone app. Calibration with spiked saliva samples with slopes for
(R þ G þ B) pixels revealed an exponentially increasing calibration curve with a linear detection range of
50e540 mg/dL, sensitivity of 0.0012 pixels sec1/mg dL1 and LOD of 24.6 mg/dL. The biosensor was
clinically validated on both healthy and diabetic subjects divided into several categories based on sex,
age, diabetic status etc. and correlation between blood and salivary glucose has been established for
better standardization of the sensor. Correlation of 0.44 was obtained between blood and salivary
glucose in healthy individuals whereas it was 0.64 and 0.94 in case of prediabetic and diabetic patients
respectively. The developed biosensor has the potential to be used for mass diagnosis of diabetes
especially in such areas where people remain prohibited from routine analysis due to high healthcare
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cost. Apart from that, a smartphone would be the only device the user needs for this measurement, along
with a disposable low cost test strip.
© 2017 Elsevier B.V. All rights reserved.

1. Introduction
In today's developing world, more and more people are adopting sedentary lifestyle making them prone to several diseases and
metabolic disorders such as Diabetes mellitus or diabetes. If left
untreated for a long time, it can lead to several complications which
can be categorized into microvascular (retinopathy, neuropathy,
nephropathy etc.) and macrovascular complications (cerebrovascular disease, coronary heart disease, peripheral vascular disease,
myocardial infarction etc.). According to International Diabetes
Federation, about 415 million people in the world are found to be
affected with diabetes including about 193 million people with
undiagnosed diabetes and the number may rise to around 642
million by 2040 [1]. Therefore, monitoring of glucose levels on a
daily basis is important, especially for individuals with conﬁrmed
diabetes, in order to avoid various complications associated with
the disease.
The most common laboratory tests for the diagnosis of diabetes
include Fasting Plasma Glucose test (FPG), Oral Glucose Tolerance
test (OGTT), Random blood sugar test and Hemoglobin A1c test
(HbA1c test). Although in recent years, Self-Monitoring of Blood
Glucose (SMBG) has emerged as a better option. The main goal of
SMBG is to monitor a person's blood glucose at different time intervals which can aid a doctor in adjusting medication/insulin dose
and is also useful to a patient in evaluating his/her response to
therapy [2]. The most common method of SMBG involves ﬁnger
pricking to ooze out blood which may be inconvenient and painful
to subjects. In recent years, saliva, tears, urine etc. have emerged as
better alternatives to blood [3].
Various groups around the world have been working on noninvasive diagnostics in the ﬁeld of glucose monitoring. Agrawal
et al. tried to correlate blood glucose and saliva glucose concentration using known and commercial methods. They reported a
correlation of þ0.58 and þ 0.40 among non-diabetic and diabetic
subjects respectively [4]. Clark et al. developed iQuickit Saliva
Analyzer, which is a standalone glucose biosensor for salivary
glucose monitoring which can sync data to mobile devices.Whitaker et al., Sanoﬁ-Aventis reported iBGStar, a standalone
electrochemical biosensor device which can be attached to a
smartphone to draw power and send data to the mobile device [5].
Christopher Wilson and his team reported a tear based electrochemical glucose sensing medical device that uses a ﬂexible wireless sensor system with an electrode resembling the shape of a
hollow coil [6]. An electrochemical biosensor was fabricated by
Claussen et al. to detect glucose in saliva and tears using complex
photolithographic technique involving nanosheets of graphene,
platinum nanoparticles and Glucose oxidase enzyme [7].Similarly, a
device was developed by Liakat et al., which measured blood
glucose levels by targeting the dermal interstitial ﬂuid using midinfrared quantum cascade laser spectroscopy [8]. Wang et al.
described a saliva glucose monitoring system based on electrochemical sensing using carbon nanotubes functionalized with
metal nanopartocles, polymer layers and Glucose oxidase enzyme
[9]. However, major drawbacks of these sensors are involvement of
complex procedures and costly reagents in sensor fabrication.
Some of them involve electrochemical techniques for detection
which are more prone to chemical interferences. Especially, the tear

based sensors need to be worn on the eyelid and involve extraction
of tear ﬂuid which is inconvenient to most subjects. Most of these
developed sensors are expensive and bulky in nature, hence can't
be used for onsite diagnosis conveniently, except for the commercially developed iQuickit Saliva Analyzer, however, due to its closed
source, authors could not verify its relevance to affordability vs.
accuracy.
It was consistently felt across the research community that
among these non-invasive body ﬂuids, saliva was most signiﬁcant
in glucose determination because of its good correlation with blood
glucose as reported by various groups [10e13]. Keeping this fact in
mind, our group had developed in past a paper strip based glucose
biosensor for non-invasive determination of salivary glucose by
scanning color changes due to pH using an ofﬁce scanner and RGB
proﬁling using open source image processing software (GIMP) and
a good correlation has been obtained between blood glucose level
(BGL) and salivary glucose level (SGL) in case of diabetics [13].
However, this work was merely a proof of concept and needed to be
developed further to make it a standalone solution for non-invasive
glucose monitoring.
Recently, smartphones have emerged as portable, inexpensive
and convenient platforms for point of care testing of various analytes. With the rapidly advancing technological era, smartphones
have gained high importance among common people. According to
ComScore, 67% of the mobile phones sold today are smartphones. It
is estimated that by 2017, over one third of world's population will
own a smartphone accounting to almost 2.6 billion smartphone
users in the world. More than 40,000 mobile health applications
are presently available and their number is increasing rapidly. The
importance of smartphones in diagnostic testing lies on the fact
that these are small, self-contained, standalone devices which are
ubiquitous and most of them contain a high quality built in camera
and possesses computational features; most of these are GPS
enabled which integrate them to various public health projects.
Thus smartphones act as robust, inexpensive, miniaturized systems
which can help achieve the goal of “personalized medicine” where
a layman can easily conduct the testing himself at home with
limited training and also lead to in situ diagnosis in poor as well as
remote areas devoid of conventional equipments and health facilities [14e17]. The major players in the ﬁeld of smartphone based
diagnostics include Agamatrix Inc., Alere Inc., CellScope Inc.,
Genomic Health Inc., Lifescan Inc., Oasis Scientiﬁc Inc., QIAGEN,
Telecare etc. [16]. Such diagnostic methods include that for lactate
[18,19], cortisol [20,21] etc. using sweat, saliva and blood. These are
also used for the detection of pathogens [22,23] and biomarkers for
diseases such as cancer [24,25] in non-invasive body ﬂuids as well
as serum. Both optical as well as electrochemical techniques have
been employed for detection. An optical smartphone based
biosensor for glucose has been developed by Chun et al. where they
have fabricated the strips using wax printing and microﬂuidics and
color changes have been detected using Image J software. Testing of
the biosensor has been carried out in human serum [26]. Some
smartphone based glucose monitors have also been commercialized such as the iBGStar by Sanoﬁ Aventis, C8 Medisensors noninvasive glucose monitoring system etc. and many smartphone
based applications for diagnosis of diabetes are also available such
as Diabetes Buddy by Krodzone Technologies, Diabetes Pilot by
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Digital Altitudes, Diabetes log by Distal Thoughts, Glucose Buddy by
SkyHealth, Diamedic by Nicholas Martin, iDiabetes by iHealth
Ventures, WaveSense Diabetes Manager by Agamatrix etc. [27].
However, major drawbacks of these reported sensors are involvement of complex micro ﬂuidic and wax printing techniques for strip
preparation and costly reagents for diagnosis such as the one reported by Chun et al.; use of interference prone techniques such as
dynamic electrochemistry and Raman spectroscopy involving human skin where end results vary from user to user and even site to
site and hence are inaccurate, unreliable as well as expensive in
nature. Existing smartphone based apps also had limitations such
as lack of personalized feedback, security issues and usability issues
such as data entry and integration with patients and electronic
health records [28].
Therefore, after weighing in the drawbacks of reported noninvasive sensors and intended usability, portability and accuracy
of the device, we have conducted a major overhaul of our previous
method [13] and developed a standalone smartphone based optical
biosensor for the detection of glucose in saliva samples. Here, we
have tried to make the biosensor more user friendly by incorporating a smartphone based platform, thus eliminating the need of
any dedicated instrument for diagnosis and also increased the
sensitivity by using a better pH indicator than methyl red used in
our previous study. We developed our own android application,
while incorporating response slope based detection instead of using differential method to further enhance the sensitivity and
minimize interferences due to ambient light. Besides, we validated
the developed sensor on larger number of patient's samples to
conﬁrm any clinically signiﬁcant BGL to SGL correlation.
2. Materials and methods
2.1. Materials
Smartphone (model Samsung Galaxy SIII) was of Samsung India
Limited make; commercial glucometer (Accuchek active™) was
from Roche India Limited; Laminator (Model ECO 12) was from
Excelam™.Filter paper (Whatman number 1), Polyvinyl alcohol
(Cat. No.563900), Bromocresol purple solution (Cat. No.860891),
Glucose oxidase (G7141-250 KU), dextrose (Cat. No.G8270), sodium
phosphate dibasic (Cat. No.V800397), sodium phosphate monobasic (Cat. No.V800376), dithiothreitol (Cat. No.43819) were purchased from Sigma Aldrich India.Card stock sheets, lamination ﬁlm,
double sided tape, nylon mesh, ear buds (Johnson and Johnson)
were purchased from local market.
2.2. Methods
2.2.1. Preparation of test strips and immobilization of glucose
oxidase
The test strips were fabricated using a card stock having dimensions of 8.9 cm  5 cm and thickness of about 0.35e0.5 mm
which act as supporting layer. A hole of 4.5 mm was created on the
supporting layer at a distance of 1.5 cm from the top which was
then laminated using a thin lamination ﬁlm to constrict the sample
within the detection zone. Another layer of lamination ﬁlm with a
similar hole (4.5 mm) was used to constrict the Whatman ﬁlter
paper (circle with 5 mm diameter) between the two ﬁlms. The ﬁlter
paper acts as detection zone. The detection zone was then covered
with a nylon mesh (1.2 cm  0.8 cm) held on both sides with the
help of a double sided tape. The remaining part of the mesh
excluding the detection zone may be covered with the help of a
white adhesive tape. The front and back view of the strip as well as
layered structure along with reaction mechanism are depicted in
Fig. 1A-D.

For immobilization on 100 such strips, 500 ml of solution was
prepared by mixing 5 mg of Glucose oxidase, 200 ml of dye (bromocresol purple), 200 ml of phosphate buffer (1 mM, pH 7) and
100 ml of 0.25% PVA. To increase the stability of the strips, 1 mg of
dithiothreitol may also be added and the solution is then mixed
thoroughly. A 5 ml of the above solution was then immobilized on
the detection zone through the mesh with the help of a micropipette such that the enzyme loading is 10U per strip and then dried
and stored desiccated at 4  C until use. The enzyme activity of the
strips was estimated using DNS (dinitrosalicylic acid) based spectroscopic method and protein content in the strip was determined
using Lowry's method of protein estimation.
2.2.2. Development of smartphone application for RGB proﬁling
The RGB proﬁle of the strips with respect to glucose concentration was determined using our own smartphone based android
application (app) developed in-house. The application was
designed to estimate glucose levels with respect to changes in RGB
pixel intensity using slope method. Slope method (change in sensor
response within a pre-speciﬁed time interval) was chosen as
compared to differential method (change in sensor response between two time values) of obtaining response in order to minimize
ambient light interferences which may result in false readings.
Another advantage of slope based method was that no baseline
correction was needed while calibrating, as the slope of sensor
response curve remains almost constant over the time interval in
which the reaction takes place, especially in the linear range of the
sensor. While in differential method, the response keeps changing
with respect to time and a 90% of the saturated sensor response is
to be taken for calibration purposes.
The app was designed on an Android platform incorporating the
camera as well as the ﬂashlight of the smartphone. For estimation
of glucose levels through the app, sample was added on the strip
and then the strip was placed in close proximity to the smartphone
camera. To minimize variations due to distance of detection zone
on the strip to the smartphone camera, especially when the strip
was to be placed against a surface or held in hand, we used a dark
cardboard box with a depth of 3 cm and a hole proportional to
smartphone camera and ﬂash areas taken together. The strip was
placed in the box after application of sample and the sequence of
detection was initiated in the app thereafter by setting the time
interval within which the slope was to be taken. The application
automatically recognized the detection zone. In the background,
app took two snapshots of detection zone at pre-speciﬁed time
intervals and then calculated the average slopes for red, green and
blue pixel changes at 20 random points within the detection zone.
Finally glucose concentration in the sample was deduced and the
result is displayed on the smartphone screen. Screenshots of the
app while detecting glucose (Fig. 1E) and ﬂowchart of these steps
are depicted in Supplement Fig. S1 & S2.
2.2.3. Biosensor measurements
Calibration of the biosensor was carried out using spiked saliva
samples. For calibration purpose, saliva sample from a healthy individual was spiked with 5% volume of glucose solutions (in
phosphate buffer saline pH 7) of varying concentrations
(0e750 mg/dL) to minimize variations in viscosity and other salivary parameters. Glucose concentration already present in saliva of
the healthy donor was determined using DNS based spectroscopic
method and the values obtained were added respectively to each of
the spiked values in order to obtain actual glucose concentration in
the spiked sample. For biosensor measurements, 5 ml of spiked
saliva sample (0e750 mg/dL) was applied on the strip through the
mesh and the color changes were scanned on other side of the strip
using our developed smartphone application for RGB proﬁling.
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Fig. 1. (A & B) Front and back view of the biosensor strips, (C) Layered structure of the strip (D) Principle involved in color change of biosensor strip due to Glucose oxidase reaction,
(E) Screenshot of developed android app focusing on detection zone of test strip.

Usually 10 s is the minimum time required for sample handling
(sample application and absorption on the strip), thereafter
response slope was obtained for 10 s (after initial 10 s of sample
handling), thus giving a response time of 20 s total. Change in slope
for red (R), green (G) and blue (B) pixels were obtained for different
glucose concentrations and calibration curves were then plotted
using Originlab 7.5 software. As R, G and B together form an additive model of color change, different combinations of these colors
were used (total pixels changes for R þ G, G þ B, R þ B and
R þ G þ B) and calibration curves were obtained against glucose
concentration v/s change in slope within 10 s for all these combinations separately to increase the sensitivity. Calibration was carried out ﬁve times and data plotted with standard deviation as
error bars.
2.2.4. Shelf-life studies and effect of camera sensor, ambient light
and chemical interference on biosensor response
Interference studies were carried out using ascorbic acid and
lactic acid which are commonly found interferents present in human saliva. Interference from lactose, a common disaccharide
found in milk products, suspected to interfere with the sensor
response when it breaks down into glucose and galactose due to
the presence of salivary lactase was also checked. For these studies,
5 ml of sample was added onto the strip with or without spiking
with glucose. These samples contained various concentrations of
interferents (0e5 mM) and 125 mg/dL glucose was used for spiking.
Studies were also conducted on 100 mg/dL synthetic glucose
under different light conditions to know the best mode of obtaining
response; modes used were ambient light (ﬂashlight on and off),
box (ﬂashlight on) and attached mode (strip attached onto camera
lens directly with ﬂashlight on and off). The dark box used in the
study had dimensions 14.9 cm  8 cm  5.3 cm and the length and
width of cut on the box were 5.1 cm  2.1 cm through which

camera was focused on the detection zone of the strip. The distance
of cutout from edge of the box was 1.3 cm and the distance of
camera from strip was 5 cm. Calibration was also carried out with
different dyes and different smartphone models were used and a
comparison between the responses obtained in all these cases was
also carried out. For repeatability, reproducibility and other studies,
saliva sample was obtained from few healthy subjects and testing
was done using our biosensor on consecutive days. The shelf life
study on the strips was also carried out for a period of 90 days. All
the results were plotted using Origin lab software and correlation
obtained by t-test using Microsoft Excel software.

2.2.5. Saliva sample collection and measurement technique
For estimation of glucose in real sample, saliva sample was
applied on the strip using a clean ear-bud and color changes were
scanned on the other side of the strip using our developed application. Sample application using an ear bud had more uniformity as
compared to a pipette; hence response was also better in case of
using buds. Usually about 5.28 ml of saliva sample (SD ¼ 0.86, n ¼ 6)
is transferred on the strip using an ear-bud through gentle touch.
Fresh saliva was obtained every time after rinsing of mouth with
drinking water and the sample was applied directly on the strip
without involving any centrifugation or ﬁltration step. For estimating color changes in the strip through the app, the strip was
placed inside a dark box after adding saliva sample; time for
obtaining slope (10 s) was already ﬁxed before adding saliva. Then
the smartphone was placed over the box while the camera and
ﬂash light areas could oversee the strip through the hole. The app
then automatically sensed the detection zone and calculated
change in response slopes and displayed unknown glucose concentration according to the calibration curve equation fed into the
app (Supplement Fig. S2).
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2.2.6. Clinical validation of the biosensor on real samples
Validation of the biosensor was carried out on both healthy and
diabetic subjects. Sampling was carried out on 91 subjects between
age group 20e80 years at Outpatient Department of Indian Institute of Technology Delhi hospital, New Delhi following institute's
ethical guidelines; written consent was obtained from all the
subjects, no money was paid to them neither were their identities
revealed. Saliva samples were collected from all the subjects using a
clean ear bud and glucose concentration determined using our
developed app. Fresh saliva was obtained every time after rinsing of
mouth with drinking water as per the process mentioned earlier.
Individual's blood glucose level at the time of obtaining saliva was
also determined using Accuchek active blood glucometer. The SGL
obtained through our biosensor was then correlated with BGL obtained using Accuchek active glucometer using statistical analysis
and t-test using Microsoft Excel software. In few samples, salivary
glucose obtained using our biosensor was also correlated with
salivary glucose obtained using DNS based spectroscopic method
apart from blood glucose measurement and a comparison between
all three methods was carried out.
3. Results and discussion
3.1. Strip preparation and characterization of enzyme
The immobilized strips were stored at 4  C until use to maintain
the enzyme activity. Enzyme activity of the strips was determined
by dinitrosalicylic acid based spectroscopic method [29] whereas
protein content was estimated by modiﬁed Lowry's method [30].
Enzyme activity and protein estimation was carried out on the
strips in triplicates. The enzyme activity as reported by DNS based
spectroscopic method was found to be 3.9 U/strip whereas the
protein content per strip as estimated by Lowry's method was reported to be 234 mg. Shelf life study for the biosensor was carried
out for a period of 90 days, the sensor was found to retain atleast
80% of its original activity during this period, which was expected
because glucose oxidase is known to be a stable enzyme (Supplement Fig. S3). Study of batch variation was carried out among the
strips immobilized at four different time intervals, results indicate
around 15% error rate among the batches (Supplement Fig. S4),
especially as the fabrication of strip was done manually. Automation of strip fabrication, and automated sample application is expected to bring down such batch wise variations further.
3.2. Biosensor measurements
Calibration of the biosensor was carried out using a pipette as
well as using an ear bud. Studies indicate that approximately 5 ml of
saliva sample gets transferred to the strip using an ear bud if
applied gently (Supplement Fig. S5), therefore to maintain similar
conditions, 5 ml sample volume was ﬁxed during calibration using a
pipette. Calibration curve obtained using an ear bud gave approximately 30% better response as compared to a pipette due to uniformity in sample application on the strip using an ear bud
(Supplement Fig. S6). This was since the best auto-pipettes these
days have error probability of 10e15% in low volume applications.
Testing was also carried out using two different pH indicators on
the test strip-bromocresol purple and bromothymol blue having
similar pH ranges. The strip changed color due to the decrease in pH
upon the formation of gluconic acid as a result of reaction of
Glucose oxidase enzyme with glucose present in saliva sample. The
larger the concentration of glucose present in the sample, more
amount of gluconic acid is formed and hence color change was
more profound (Fig. 1D). During comparison of dyes, it was
observed that bromocresol purple produced around 20% better

response than bromothymol blue as well as found to saturate at
higher concentrations when compared to the latter (Supplement
Fig. S7). Therefore, ﬁnal calibration was carried out inside a dark
box using bromocresol purple as pH indicator using ear bud.
Calibration curves were obtained for change in slope for R, G and
B pixels with respect to glucose concentration. Among R, G and B,
exponentially increasing curves were obtained for R and G with
respect to glucose whereas in case of B, the response does not vary
signiﬁcantly with increase in glucose concentration (Fig. 2A). To
increase the sensitivity, calibration curves were also plotted for
various combinations of slope (R þ G), (G þ B), (R þ B) and
(R þ G þ B) with respect to glucose concentration (Fig. 2B). Among
these combinations, (R þ G þ B) was found to provide maximum
response, therefore clinical validation and other studies on the
biosensor were carried out by plotting Slope (R þ G þ B) against
glucose concentration.
An exponentially increasing calibration curve has been obtained
by plotting Slope (R þ G þ B) against glucose concentration (Fig. 2C)
which can be represented with the help of equation (1) where x
denotes unknown glucose concentration and y stands for Slope of
response curve (R þ G þ B). The response time has been ﬁxed as
20 s where 10 s is the time required for sample application and
absorption of sample on the strip and then slope was taken for the
next 10 s.
y ¼ 1.45 (x)0.54 / (48.03)0.54þ(x)0.54

(1)

The calibration curve can be linearized by taking double log
(log10) on both the axes (Fig. 2D) which can be represented by
equation (2).
Log10 (R þ G þ B) Slope ¼ 0.53 log10 (Glucose) e 1.54

(2)

This could be simpliﬁed for concentration range 90e540 mg/dL
by plotting a linear curve as equation (3)
y ¼ 0.29349 þ 0.00104 x

(3)

Limit of detection of a biosensor is usually calculated as the
concentration at which sensor signal to noise ratio is just above 3,
but practically it can also be calculated by measuring the change in
Slope (R þ G þ B) for samples devoid of glucose. For this purpose,
healthy individual's saliva sample was allowed to react with Glucose
oxidase for some time so that whole glucose present in the sample
gets consumed. The sensor noise level for this sample was found to
be 0.196 pixels/sec (n ¼ 5) which was equivalent to 24.6 mg/dL.
The sensitivity for the biosensor in terms of (R þ G þ B) Slope between the clinically relevant range of 50e540 mg/dL was found to
be 0.0012 pixels sec1/mg dL1.
3.3. Effect of camera sensor, ambient light and chemical
interference on biosensor response
Various factors such as location of smartphone camera, ambient
light as well as chemical interferences such as presence of ascorbic
and lactic acids and lactose in mouth can affect biosensor response.
To estimate the effect of all these parameters on sensor response,
studies have been carried out. To estimate the effect of chemicals on
sensor response, interference studies were carried out using
various concentrations of ascorbic and lactic acid and lactose
(0e5 mM). In samples devoid of glucose, an increasing trend in
Slope (R þ G þ B) has been reported with increase in lactic acid or
ascorbic acid concentration due to decrease in pH. However, in
samples containing glucose along with interferents (ascorbic or
lactic acid), saliva was found to act as a buffer with concentrations
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Fig. 2. (A) Calibration curve plotted against glucose concentration v/s change in slope for R (-,-), G (-B-) and B pixels(-D-) (B) Calibration curve plotted with respect to glucose
concentration v/s change in slope for (R þ G) (---), (G þ B) (-C-), (R þ B) (-:-) as well as (R þ G þ B) (-;-) pixels (C) Final Calibration curve plotted against glucose concentration
with respect to slope (R þ G þ B) pixels (D) Linearized Calibration curve formed by taking double log (log10) on both the axes.

ranging from 0 to 1 mM (clinically relevant range of lactic or
ascorbic acid usually present in mouth) [31,32] and thus very slight
increase in pixel intensity occurs up to this range; pixel intensity
was found to increase signiﬁcantly due to decrease in pH at higher
concentrations of ascorbic or lactic acid beyond the clinically relevant range (Fig. 3AeD). This was due to the fact that ascorbic acid
and lactic acid are all weak acids with similar pKa values and the
response factors of them are the same in lower concentration
ranges. The higher concentrations however, were out of clinically
relevant range. Thus interferents such as ascorbic and lactic acids
were found to have negligible effect on the sensor response in
clinically relevant range, though, as a precaution, the users were
asked to rinse their mouth prior to saliva collection in standard
operating procedure (SOP) so that to get rid of accumulated interferents. The developed sensor was also found to be selective for
glucose with no interference due to the presence of disaccharides
such as lactose (0e5 mM) (Fig. 3E). The pH of saliva may range from
4.5 to 7.5 under different pathophysiological conditions. If such
saliva of diverse initial pH is to be applied on the test strip, it might
cause interference in reading. However, there was a clear advantage
of using slope based calibration of biosensor. If there is ever any
increase in slope of response curve, it is due to enzymatic reaction,
as response due to pH range of saliva alone would have been
saturated within a few sec.
Studies were also carried out in different modes to estimate the
effect of ambient light on sensor response. Although slope method
reduces outside light interferences to some extent, still ambient
light is a major source of error in smartphone based optical sensing
and therefore best conditions need to be chosen in order to get
accurate results. Results from our preliminary studies carried out
on 100 mg/dL synthetic glucose in different modes indicate that

attached mode (strip attached to smartphone camera) produced
maximum sensor response whereas in ambient light (ﬂashlight on)
and inside a dark box (ﬂashlight on) there is slight variation in pixel
intensity (Supplement Fig. S8). Major drawback in attached mode
was that the strip was out of focus with respect to camera, as the
strip was physically stuck on it. The ﬂashlight can diffuse in wet
white ﬁlter paper and thus illuminated the paper more intensely
than the ambient light could. This could be a reason for less variation in sensor response in this mode. Moreover, in ambient light
still there were chances of error, especially if there was abrupt
change in light intensity, such as if the user moves from well-lit area
of room to darker corner during measurement. Besides, it may not
be very hygienic to place saliva samples over camera lens especially
if it is to be used in primary healthcare centers. Therefore, to avoid
inconsistencies in camera focusing and to make the sensor more
relevant to commercialization all the studies were carried out inside a light tight box with a hole to allow camera to focus on strip
placed within it. With this, we suggest the requirement of a box
type external magnetic latched attachment of sort to the camera to
place the test strip before focusing the camera into it.
Effect of various smartphone models on sensor response was
also tested. It was mainly carried out for the reason that most of the
smartphone brands have different camera modules and from
different manufacturers and speciﬁcations, which can bring deviations in sensor measurements. Three smartphone models were
used for the purpose i.e. Samsung Galaxy SIII, HTC Desire 526G Plus
and Gionee P5 mini. Study was carried out inside a dark box as well
as under ambient light conditions so as to gather information about
how camera position and ﬂashlight intensity can affect sensor
response. It was observed that inside a dark box there was only
slight change in pixel intensity with respect to smartphone models
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Fig. 3. Interference studies using acids such as lactic and ascorbic acid and disaccharides such as lactose. (A) Effect of lactic acid concentration on sensor response. In the clinically
relevant range of lactic acid found in mouth (0e1 mM), saliva was found to act as a buffer to some extent while with higher concentrations of lactic acid, sensor response increases
with decrease in pH. (B) Study of buffering action of saliva upon addition of lactic acid. (C) Effect of ascorbic acid concentration on sensor response. Similar behavior has been noted
as in the case of lactic acid with increasing concentration. (D) Study of buffering capacity of saliva upon addition of ascorbic acid. (E) Effect of lactose concentration on sensor
response.

while in ambient light conditions difference in camera position and
intensity of ﬂash leads to variation in response and it was reported
that Gionee P5 mini which contained side camera gave more
response as compared to Samsung Galaxy SIII and HTC Desire 526G
Plus, both these models had camera positioned at the centre
(Supplement Fig. S9). Thus, it was concluded that in order to use the
biosensor in ambient light condition, internal compensation
mechanism have to be incorporated to the developed app for each
smartphone model - in the line that open source smartphone ROM

developers such as Cyanogenmod and LineageOS developers do.
Else, a 3D printed or a plastic attachment have to be used to place
the test strip and then focus the smartphone camera onto the
detection zone in order to get optimal results. In case of smartphones having a side camera, the 3D printed dark box should be
designed in such a way that the hole should allow ﬂashlight to fall
directly on the strip, then the app would automatically detect the
detection zone on the strip and glucose concentration is determined. Apart from smartphones discussed above, any smartphone
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with a minimum requirement of 5 megapixel camera can be used
for glucose estimation.
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Clinical validation of the biosensor was carried out on 91 subjects, healthy as well as diabetic and correlation between blood
glucose levels (BGL) obtained using Accuchek active blood glucometer and salivary glucose (SGL) using our biosensor has been
carried out using t-test in Microsoft excel. Subjects were divided
into several categories based on age, gender, diabeticstatus etc. and
correlation coefﬁcient was obtained for each. The results are
depicted in Table 1 and Supplementary Table S1. In case of few
patient samples, apart from obtaining correlation between BGL and
SGL, correlation between SGL obtained using our biosensor and SGL
obtained by DNS based spectroscopic method has been carried out
and comparison of glucose values obtained between all three cases
has been carried out (Supplement Fig. S10). As expected, SGL values
obtained with developed biosensor and DNS based gold standard
for estimation of glucose had close correlations, though, in this
result we did not factor in the diabetic condition of individuals.
A very good correlation between BGL and SGL of 0.94 (n ¼ 35,
Slope ¼ 0.97) was obtained in case of diabetic subjects with p value
of 0.16 indicating nearly identical levels of BGL and SGL; in prediabetic subjects correlation obtained was 0.64 (n ¼ 18, Slope ¼ 0.85)
with p value of 0.001 and in case of healthy subjects the correlation
is not so signiﬁcant with R2 value of 0.44 (n ¼ 38, Slope ¼ 1.66) and
p value of 9.78 E09 indicating signiﬁcant difference between
values of SGL and BGL. Higher correlation of 0.96 was obtained in
case of post breakfast samples (n ¼ 9, Slope ¼ 0.97) as compared to
pre-breakfast samples (n ¼ 82, Slope ¼ 1.12) where R2 value has
been reported as 0.90.Among pre-breakfast samples, higher correlation of 0.89 (n ¼ 31, p ¼ 0.09, Slope ¼ 0.99) was obtained among
diabetics as compared to healthy individuals with a R2 value of 0.36
(n ¼ 36, p ¼ 4.35 E09, Slope ¼ 1.69).The results have been depicted
in Fig. 4 and also in Table 1.
With respect to gender wise distribution, males as well as females shared almost similar correlation between BGL and SGL of
0.93 (Males n ¼ 48, Slope ¼ 1.13, p value ¼ 0.010; Females n ¼ 43,
Slope ¼ 1.03, p value ¼ 0.11) indicating insigniﬁcant difference
between BGL and SGL. Among them diabetic males (n ¼ 18,
Slope ¼ 1.12) and diabetic females (n ¼ 18, Slope ¼ 0.94) showed a
correlation of 0.92 and 0.96 respectively with p values of 0.13 and
0.38 indicating almost similar levels. In case of prediabetic males
(n ¼ 10, Slope ¼ 0.92) the correlation obtained was 0.67 which was
quite less as compared to prediabetic females (n ¼ 8, Slope ¼ 0.79)
with a correlation of 0.71 with p values of 0.01 in both cases indicating signiﬁcant difference between BGL and SGL. In case of
healthy males (n ¼ 20, Slope ¼ 1.67) and healthy females (n ¼ 17,
Slope ¼ 1.60) correlation obtained was almost same with R2 values
of 0.45 and 0.40 respectively and p values of 7.11 E07 and 0.001
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Fig. 4. Correlation between blood and salivary glucose levels in case of (A) diabetic
(-,-), (B) pre diabetic (-B-) and (C) healthy (-D-) subjects. Correlation curves obtained between BGL and SGL for (D) pre breakfast diabetic (-◄-), (E) pre breakfast
healthy (-;-) and (F) post breakfast samples (-◊-).

indicating signiﬁcant difference between BGL and SGL (Supplement
Fig. S11 A and Supplement Table S1A).
With respect to subject's age, correlation between BGL and SGL
was reported to be higher in case of subjects within the age group
of 41e50 years (R2 ¼ 0.97, n ¼ 23, Slope ¼ 1.05) followed by subjects
within the age groups of 61e70 years (R2 ¼ 0.94, n ¼ 11,
Slope ¼ 0.22) and 51e60 years (R2 ¼ 0.93, n ¼ 28, Slope ¼ 1.13). This
was expected as parotid gland damage in diabetic or aged individuals are high compared to non-diabetic or low age group individuals, thus the release of glucose in saliva is more prominent in
these individuals. The correlation obtained was comparatively less
in case of subjects within the age group 31e40 years with R2 value
of 0.76 (n ¼ 17, Slope ¼ 1.11) and was least in case of age group
71e80 years with R2 value of 0.39 (n ¼ 11, Slope ¼ 0.69) (Supplement Fig. S11 B and Supplement Table S1B). With respect to age as
well as gender, almost similar correlation has been obtained

Table 1
Correlation between BGL and SGL in clinical samples.
Category

N

R2

Slope

t-test p values

Inference

Diabetic
Pre diabetic
Healthy
Pre breakfast
Post breakfast
Pre breakfast diabetic
Pre breakfast healthy
Post breakfast diabetic
Post breakfast healthy

35
18
38
82
9
31
36
6
3

0.94
0.64
0.44
0.90
0.96
0.89
0.36
0.94
0.14

0.97
0.85
1.66
1.12
0.97
0.99
1.69
0.96
1.27

0.16
0.001
9.78E09
0.002
0.36
0.09
4.35E09
0.39
0.04

Near identical levels
Signiﬁcant difference in levels
Signiﬁcant difference in levels
Signiﬁcant difference in levels
Insigniﬁcant difference in levels
Insigniﬁcant difference in levels
Signiﬁcant difference in levels
Insigniﬁcant difference in levels
Signiﬁcant difference in levels
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between BGL and SGL in males as well as females for all age-groups
with R2values > 0.9 in the age groups 41e50, 51e60 and 61e70
years, in case of males and females between age group of 71e80
years, the correlation coefﬁcient was reported to be quite less (0.53
in case of males and 0.62 in case of females respectively (Supplement Fig. S11C and Supplement Table S1 C).
When combining subjects age with their diabetic status, 21e40
years healthy subjects had lowest correlation between BGL and SGL
with R2 value of 0.24 (n ¼ 9, Slope ¼ 1.58, p ¼ 0.02) indicating
signiﬁcant difference between levels whereas in case of prediabetic
and diabetic subjects there was an insigniﬁcant difference between
BGL and SGL with R2 values of 0.82 (n ¼ 3, Slope ¼ 1.27, p ¼ 0.28)
and 0.81 (n ¼ 6, Slope ¼ 1.04, p ¼ 0.05). In 41e60 years healthy as
well as prediabetic subjects, signiﬁcant difference between BGL and
SGL was reported with correlation coefﬁcient of 0.57 (n ¼ 18,
Slope ¼ 1.72, p ¼ 6.55 E06)and 0.68 (n ¼ 11, Slope ¼ 1.21,
p ¼ 0.0002) respectively, in case of diabetics however insigniﬁcant
difference was obtained with R2 ¼ 0.96 (n ¼ 22, Slope ¼ 0.97,
p ¼ 0.25). In case of subjects between age group of 61e80 years,
signiﬁcant difference was obtained in case of healthy subjects with
R2 ¼ 0.48 (n ¼ 9, Slope ¼ 2.08, p ¼ 0.003) whereas in case of prediabetic and diabetic subjects insigniﬁcant difference between BGL
and SGL has been reported with R2 values of 0.98 (n ¼ 4,
Slope ¼ 0.44, p ¼ 0.17) and 0.81 (n ¼ 8, Slope ¼ 1.05, p ¼ 0.30)
respectively (Supplement Fig. S11 D and Supplement Table S1 D).
These results reiterated our previous claim of having a signiﬁcant correlation between SGL and BGL levels [13] and rebukes older
studies by several groups which did not ﬁnd signiﬁcant correlation
between BGL and SGL perhaps due to lack of technology during the
era [33e36]. Thus it enables the developed sensor to be ready for
commercialization, especially for the purpose of mass screening of
diabetes in resource limited areas.
Finally, tests for reproducibility were also carried out on the
biosensor. The sensor was found to be around 90% reproducible
when readings were obtained for ﬁve different samples collected
from healthy individuals on three consecutive days (Supplement
Fig. S12). Repeatability test was also carried out by obtaining
glucose levels through our biosensor for a healthy individual's
saliva sample eight times (n ¼ 8), results revealed a mean salivary
glucose level of 45 mg/dL with SD of 6.16. The biosensor also met
the ISO standards in terms of accuracy as the readings obtained for
healthy as well as diabetic subjects stood within the zones A and B
of the Clarke's error grid (Supplement Fig. S13). The analytical
performance of our sensor with respect to other reported systems
for glucose sensing is described in Supplement Table S2. The cost of
the developed strip was also less (about 1$) as compared to other
commercially available glucometer strips and can be reduced even
further during mass production. Biosensing can be performed using
any smartphone models (including cheaper ones which cost
around 77$ to 120$ from the perspective of mass healthcare) with
minimum requirement of 5 megapixel camera or above and an
inbuilt ﬂash light, while minor tweak in dark box attachment shall
be needed according to the smartphone model.
4. Conclusion
In the present study, a smartphone based non-invasive optical
biosensor has been developed for the estimation of glucose levels in
saliva samples. The sensor was fabricated using a simple methodology by immobilization of Glucose oxidase enzyme along with a pH
indicator bromocresol purple on a ﬁlter paper based strip. The color
change with respect to glucose concentration was determined using RGB proﬁling with our developed smartphone application
based on slope method. Slope method has been chosen against
differential method of obtaining response to increase the

sensitivity and reduce ambient light interferences and also for the
reason that no baseline correction was needed. Different modes of
obtaining response were tested, such as effect of different dyes and
smartphone models so as to get maximum response and increase
accuracy of results. Calibration curve with (R þ G þ B) Slope was
found to be most sensitive with sensitivity of 0.0012 pixels sec1/
mg dL1 within the linear detection range of 50e540 mg/dL and
LOD of 24.6 mg/dL within a response time of 20 s. Clinical validation
of the biosensor has been carried out on both diabetic and healthy
subjects where correlation was established between their salivary
glucose (SGL) obtained through our biosensor and blood glucose
(BGL) obtained using commercial Accuchek active blood glucometer. A very good correlation of 0.94 has been established in case
of diabetic patients while in healthy subjects it was not so signiﬁcant. For better standardization of the biosensor, subjects were
grouped into several categories based on age, sex, status etc. and
correlation between BGL and SGL in all these cases has been carried
out. The sensor was found to be free of interferents such as ascorbic,
lactic acid and lactose within the clinically relevant range of these
acids reported in human mouth. Other advantage of the developed
sensor is that the procedure involved is simple where a person just
has to obtain saliva in an ear bud and apply it on the strip; the
procedure is painless and can be performed even by a layman with
limited training. Moreover, results are obtained in less time (just
20 s) and screening is done through a smartphone which has
become a common gadget nowadays in almost everybody's homes,
thus eliminating the need for procuring any specialized instrument
for analysis. The sensor also satisﬁes the ISO standards in terms of
accuracy as the readings obtained were in zones A and B of Clarke's
error grid. The overall analytical performance and sensor test strip
cost compared well or better than those reported in literature. In
the future course of actions, we shall further develop this sensor by
automating strip manufacturing to enhance reproducibility and
look towards commercializing the product.
Acknowledgement
The author is obliged for the intramural ﬁnancial support provided by Indian Institute of Technology Delhi. The author Anuradha
Soni thanks Indian Council of Medical Research, New Delhi for
research fellowship. This work has been ﬁled for Indian patent
(application no. 1587/DEL/2015).
Appendix A. Supplementary data
Supplementary data related to this article can be found at
https://doi.org/10.1016/j.aca.2017.10.003.
References
[1] K. Ogurtsova, J.D. da Rocha Fernandes, Y. Huang, U. Linnenkamp, L. Guariguata,
N.H. Cho, et al., IDF Diabetes Atlas: global estimates for the prevalence of
diabetes for 2015 and 2040, Diabetes Res. Clin. Pract. 128 (2017) 40e50.
[2] E.M. Benjamin, Self-monitoring of blood glucose: the basics, Clin. Diabetes 20
(2002) 45e47.
[3] G. Guilbault, Non-invasive biosensors in clinical analysis, Biosens. Bioelectron.
10 (1995) 379e392.
[4] R. Agrawal, N. Sharma, V. Gupta, S. Jain, V. Agarwal, S. Goyal, Noninvasive
method for glucose level estimation by saliva, J. Diabetes Metab. 4 (2013) 1e5.
[5] A. Saenz, Testing of Blood Sugar with Your IPhone, 2010.
[6] J.H.L. Hanssen, R. Tweehuysen, Electrochemical Biosensor Based on Hollow
Coils, Method for Making and Use of the Sensor and a Medical Device
Comprising the Sensor, 2012.
[7] J.C. Claussen, A. Kumar, D.B. Jaroch, M.H. Khawaja, A.B. Hibbard,
D.M. Porterﬁeld, et al., Nanostructuring platinum nanoparticles on multilayered graphene petal nanosheets for electrochemical biosensing, Adv. Funct.
Mater. 22 (2012) 3399e3405.
[8] S. Liakat, K.A. Bors, L. Xu, C.M. Woods, J. Doyle, C.F. Gmachl, Noninvasive
in vivo glucose sensing on human subjects using mid-infrared light, Biomed.

A. Soni, S.K. Jha / Analytica Chimica Acta 996 (2017) 54e63
Opt. express 5 (2014) 2397e2404.
[9] W. Zhang, M.L. Wang, Saliva Glucose Monitoring System, Northeastern University, 2014.
[10] P. Abikshyeet, V. Ramesh, N. Oza, Glucose estimation in the salivary secretion
of diabetes mellitus patients, Diabetes, metabolic syndrome and obesity,
targets Ther. 5 (2012) 149e154.
[11] S. Amer, M. Yousuf, P.Q.R. Siddiqui, J. Alam, Salivary Glucose Concentration in
Patients with Diabetes mellitus e a minimally invasive technique for monitoring blood glucose levels, Pak. J. Pharm. Sci. 14 (2001) 33e37.
[12] A.S. Panchbhai, Correlation of salivary glucose level with blood glucose level
in diabetes mellitus, J. oral Maxillofac. Res. 3 (2012), e3.
[13] A. Soni, S.K. Jha, A paper strip based non-invasive glucose biosensor for salivary analysis, Biosens. Bioelectron. 67 (2015) 763e768.
[14] D. Erickson, D. O'Dell, L. Jiang, V. Oncescu, A. Gumus, S. Lee, et al., Smartphone
technology can be transformative to the deployment of lab-on-chip diagnostics, Lab a chip 14 (2014) 3159.
[15] A. Roda, E. Michelini, M. Zangheri, M. Di Fusco, D. Calabria, P. Simoni,
Smartphone-based biosensors: a critical review and perspectives, TrAC Trends
Anal. Chem. 79 (2016) 317e319.
[16] S. Vashist, E. Schneider, J. Luong, Commercial smartphone-based devices and
smart applications for personalized healthcare monitoring and management,
Diagnostics 4 (2014) 104e128.
[17] D. Zhang, Q. Liu, Biosensors and bioelectronics on smartphone for portable
biochemical detection, Biosens. Bioelectron. 75 (2016) 273e284.
[18] D. Calabria, C. Caliceti, M. Zangheri, M. Mirasoli, P. Simoni, A. Roda, Smartphoneebased enzymatic biosensor for oral ﬂuid L-lactate detection in one
minute using conﬁned multilayer paper reﬂectometry, Biosens. Bioelectron.
94 (2017) 124e130.
[19] A. Roda, M. Guardigli, D. Calabria, M.M. Calabretta, L. Cevenini, E. Michelini,
A 3D-printed device for a smartphone-based chemiluminescence biosensor
for lactate in oral ﬂuid and sweat, Analyst 139 (2014) 6494e6501.
[20] S. Choi, S. Kim, J.-S. Yang, J.-H. Lee, C. Joo, H.-I. Jung, Real-time measurement of
human salivary cortisol for the assessment of psychological stress using a
smartphone, Sens. Bio-Sensing Res. 2 (2014) 8e11.
[21] M. Zangheri, L. Cevenini, L. Anfossi, C. Baggiani, P. Simoni, F. Di Nardo, et al.,
A simple and compact smartphone accessory for quantitative
chemiluminescence-based lateral ﬂow immunoassay for salivary cortisol
detection, Biosens. Bioelectron. 64 (2015) 63e68.
[22] V.K. Rajendran, P. Bakthavathsalam, B.M. Jaffar Ali, Smartphone based bacterial detection using biofunctionalized ﬂuorescent nanoparticles, Microchim.

63

Acta 181 (2014) 1815e1821.
[23] S.-J. Yeo, K. Choi, B.T. Cuc, N.N. Hong, D.T. Bao, N.M. Ngoc, et al., Smartphonebased ﬂuorescent diagnostic system for highly pathogenic H5N1 viruses,
Theranostics 6 (2016) 231e242.
[24] H. Adel Ahmed, H.M.E. Azzazy, Power-free chip enzyme immunoassay for
detection of prostate speciﬁc antigen (PSA) in serum, Biosens. Bioelectron. 49
(2013) 478e484.
[25] A.I. Barbosa, P. Gehlot, K. Sidapra, A.D. Edwards, N.M. Reis, Portable smartphone quantitation of prostate speciﬁc antigen (PSA) in a ﬂuoropolymer
microﬂuidic device, Biosens. Bioelectron. 70 (2015) 5e14.
[26] H.J. Chun, Y.M. Park, Y.D. Han, Y.H. Jang, H.C. Yoon, Paper-based glucose
biosensing system utilizing a smartphone as a signal reader, BioChip J. 8
(2014) 218e226.
[27] J. Tran, R. Tran, J.R. White, Smartphone-based glucose monitors and applications in the management of diabetes: an overview of 10 salient “apps” and a
novel smartphone-connected blood glucose monitor, Clin. Diabetes 30 (2012)
173e178.
[28] O. El-Gayar, P. Timsina, N. Nawar, W. Eid, Mobile applications for diabetes
self-management: status and potential, J. Diabetes Sci. Technol. 7 (2013)
247e262.
[29] A.F. Mohun, I.J.Y. Cook, An improved dinitrosalicylic acid method for determining blood and cerebrospinal ﬂuid sugar levels, J. Clin. Path 15 (1962)
169e180.
[30] O.H. Lowry, N.J. Rosebrough, A.L. Farr, R.J. Randall, Protein measurement with
the folin phenol reagent, JBiolChem 193 (1951) 265e275.
[31] S. Dreizen, A.W. Mann, J.K. Cline, T.D. Spies, The buffer capacity of saliva as a
measure of dental caries activity, J. Dent. Res. 25 (1946) 213e222.
[32] J.F. Helm, W.J. Dodds, W.J. Hogan, K.H. Soergel, M.S. Egide, C.M. Wood, Acid
neutralizing capacity of human saliva, Gastroenterology 83 (1982) 69e74.
[33] H. Ben-Aryeh, M. Cohen, Y. Kanter, R. Szargel, D. Laufer, Salivary composition
in diabetic patients, J. Diabet. Complicat. 2 (1988) 96e99.
[34] M.J.A. Campbell, Glucose in the saliva of the non-diabetic and the diabetic
patient, Archives Oral Biol. 10 (1965) 197e205.
[35] L.N. Forbat, R.E. Collins, G.K. Maskell, P.H. Sonksen, Glucose concentrations in
parotid ﬂuid and venous blood of patients attending a diabetic clinic, J. R. Soc.
Med. 74 (1981) 725e728.
[36] R. Sashikumar, R. Kannan, Salivary glucose levels and oral candidal carriage in
type II diabetics, Oral Surg. Oral Med. Oral Pathology, Oral Radiology, Endodontology 109 (2010) 706e711.

